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Figure 1. Frequency spectra visualization of different methods.
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Method Params. CR SR Complexity PSNR/SSIM

A-Net [24] 62.64M 1 [HW] C*WH+CW2H? 30.85/0.9062

TSA-Net[27] | 4425M C/4 [HW] CWH 32.68/0.9267

HDNet (Ours) | 237TM  C/2 [HW] CWH 34.34/0.9572
A 0 0.1 0.3 0.5 0.7 0.9 1

SSIM 1 | 0.9093 0.9369 09498 0.9538 0.9572 0.9425 0.9399
PSNR 1 | 31.91 33.27 3386 3405 3434 3375 3352

Table 3. Performance comparisons of different loss weight factor.

Metric rne=0.1 re=0.3 a=10.5 =1 =72 a=73

LFD | 14.8633 14.3792 139825 13.6571 13.3238 15.0863
SSIM T | 09397 09428 09543 09569  0.9572  0.9065
PSNR T | 33.16 33.51 34.14 34.40 34.34 31.89

Table 4. Model performance comparison using different coeffi-
cients to calculate the spectrum distances in frequency domain.
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Figure 4. Feature visualization with different attention modules.
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